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This paper studies convergence of credit structure worldwide. We hand-collect data on credit to household and firm credit for 143 countries over the period 1995-2014. First, we separately document the existence of a convergence process of total credit, household credit and firm credit, respectively. Second, we find that convergence of household credit occurs faster than firm credit, inducing a process of convergence of the share of household credit to total credit. Third, convergence occurs faster in low-income countries and in countries with a lower initial level of total credit but slows down after the 2008 global financial crisis. Finally, our data investigation does not support the idea that convergence is driven by changing conditions in developing countries.

Introduction

Since the 1980s, the world has witnessed a process of financial liberalization and globalization. Financial liberalization is expected to spur financial development in developing countries and therefore to allow them to catch up with developed countries. Reducing the financial gap between developing and developed countries is essential in permitting a reduction of the income gap due to the role financial development plays in the convergence process [START_REF] Aghion | The effect of financial development on convergence: Theory and evidence[END_REF]. However, only a handful of papers have scrutinized financial development convergence. 1 Antzoulatos et al. (2011) fail to provide evidence of a convergence process, while [START_REF] Stolbov | Do financial systems converge? A comprehensive panel data approach and new evidence from a dataset for 102 countries[END_REF] and [START_REF] Bahadir | Financial development convergence[END_REF] report evidence for the presence of convergence. In this paper, we extend the scope of this literature by testing the convergence of credit structure defined as the breakdown between household credit and firm credit. Studying evolution of firm credit and household credit separately is critical. Recent works have highlighted that each has different implications for economic activity and financial stability.

The convergence of credit structure in the least financially developed countries implies that household credit growth outpaces firm credit growth. Two main strands of arguments can be advanced to explain this phenomenon. One explanation is that credit structure convergence can be due to changes in conditions in developing countries that stimulate the expansion of household credit. Another argument is that convergence can be viewed as a mechanical process in the course of financial development.

To test whether credit convergence occurs, we create a new database that breaks down total credit between household credit and firm credit. Our database covers 143 countries over the period 1995-2014. In addition, we collect information on household credit breakdown and firm credit breakdown for sub-samples of countries. For 84 countries, we were able to collect data on the structure of household credit separated between home loans (mainly mortgage loans) and other loans. For another sub-sample of 104 countries firm credit is broken down into six categories (agriculture, industry, construction, transport, trade and other services).

A simple exploration of our database reveals that the ratio of household credit to total credit increased by ten percentage points (from 30% to 40%) between 2000 and 2014.

More interestingly for our purposes, during this period growth of both household credit and firm credit was higher for countries with a limited level of financial development.

These facts tend to suggest the existence of a process of convergence.

We then test whether there is a convergence process in credit structure. The literature distinguishes between two concepts of convergence: β-convergence and σ-convergence.

β-convergence refers to a negative relationship between the growth rate of the variable of interest and its initial level, while σ-convergence refers to a decrease over time of dispersion of the interest variable. Put differently, β-convergence implies that disadvantaged economies grow faster and catch up and σ-convergence implies that differences smooth out over time. In this paper, we are interested in the catching up phenomenon and therefore focus on β-convergence. We borrow the methodology proposed by [START_REF] Bahadir | Financial development convergence[END_REF] to further attempt to confirm the existence of a (β-)convergence process.

We perform econometric tests and results suggest that a process of convergence of total does exist. We then study the convergence process of household credit and firm credit, separately. Results indicate the existence of a convergence process for both but that the convergence of household credit occurs faster than that of firm credit, in line with findings obtained by [START_REF] Bahadir | Catching up or drifting apart: Convergence of household and business credit in Europe[END_REF] in the case of Europe. Next, we scrutinize the convergence of components of household credit and firm credit. Results show the existence of a convergence process of both categories of household loans (mortgage loans and other loans to households). In addition, we point out that the percentage of home loans to household loans presents a process of convergence. Turning to a breakdown of firm credit, we highlight that there is a process of convergence of credit to agriculture, credit to construction and credit to trade but not of credit to industry or credit to transport.

Following previous studies, we study whether the speed of convergence is affected by a country's characteristic. Our results show that it occurs faster in the least developed countries and in countries with a limited initial level of financial development. Furthermore, we show that the pace of convergence slowed down in the post-crisis period (2009)(2010)(2011)(2012)(2013)(2014).

Finally, we test whether convergence is due to changing conditions in developing countries.

In doing so, we extend the model by adding some variables that capture potential drivers of convergence (institutions, education or internationalization). Our findings are largely unchanged when we add these additional control variables, suggesting that convergence is likely due more to a mechanical process rather than to changing conditions in developing countries. Our results are robust to multiple sensitivity tests including a replication test using the BIS dataset.

Our work directly contributes to a scant strand of literature on financial development convergence. Recent papers have investigated convergence of a sample of developing and developed countries [START_REF] Antzoulatos | Do financial systems converge?[END_REF][START_REF] Stolbov | Do financial systems converge? A comprehensive panel data approach and new evidence from a dataset for 102 countries[END_REF][START_REF] Bahadir | Financial development convergence[END_REF] but few works have focused on convergence of credit composition. One exception is [START_REF] Bruno | Do financial systems converge? New evidence from financial assets in OECD countries[END_REF], who investigate convergence of household financial assets in the OECD countries. The closest work to our paper is [START_REF] Bahadir | Catching up or drifting apart: Convergence of household and business credit in Europe[END_REF] in which the authors investigate the convergence of household credit and firm credit in 30 European countries over the period 1995-2013. The authors show evidence of convergence for both household credit and firm credit and find that it occurs faster for household credit.

We extend this work by considering a large range of countries from all continents. Indeed, the fact that we observe a convergence process of credit structure within Europe is a first step but does not prove that a convergence process occurs in different contexts. According to the club convergence hypothesis [START_REF] Durlauf | Handbook of Economic Growth[END_REF], only countries that share similar characteristics present convergence over the long-run but there is no convergence on a worldwide scale. Economic and financial integration is almost complete within Europe where European countries share similar characteristics and experience common shocks (e.g. monetary policy for Euro members). Thus, observing that convergence process of credit structure within European countries does not allow us to infer the existence of a convergence process worldwide. In this work, we try to fill this gap by studying the convergence of credit structure when we consider countries from different areas and that share very different conditions. We observe that convergence occurs across the world and is not limited to European countries. In addition, convergence appears to occur faster in the least developed countries, suggesting that credit structure converges independent of initial conditions over the long term. Finally, our results show that convergence is due more to a mechanical process than to changing conditions in developing countries.

Our paper is also related to recent studies that investigate the implications of household credit and firm credit for real activity. Recent works document that household credit is detrimental to economic growth [START_REF] Beck | Who gets the credit? And does it matter? Household vs. firm lending across countries[END_REF][START_REF] Sassi | The effect of enterprise and household credit on economic growth: New evidence from European union countries[END_REF][START_REF] Mian | Household debt and business cycles worldwide[END_REF][START_REF] Léon | Enterprise credit, household credit and growth: New evidence from 126 countries[END_REF] and/or financial stability [START_REF] Büyükkarabacak | The role of household and business credit in banking crises[END_REF][START_REF] Jordà | Betting the house[END_REF]. Although literature on the subject is lacking, credit to households and credit to firms certainly affect other dimensions such as inequality, social outcomes (e.g. child labor and education) and macroeconomic stabilization (smoothing out of consumption). This paper can be viewed as a first step to shedding new light on these open questions.

In particular, our work contributes to a better understanding of the evolution of both components of credit and presents a new database that could be employed to investigate new questions regarding credit structure.

The remainder of the paper is organized as follows. In Section 2, we present arguments on why we expect to observe convergence of credit structure. Section 3 describes the database and presents the methodology. Section 4 is dedicated to the presentation of the results. The final section concludes.

2 The drivers of credit structure convergence

Changing conditions in developing countries

A large body of literature has been devoted to investigating country-specific factors that affect the development of financial systems. A change in these factors could affect loan decomposition as well. One explanation for credit convergence involves improvements of institutional frameworks in developing countries [START_REF] Bahadir | Financial development convergence[END_REF]. However, institutional improvements could also impact credit structure by benefiting households more than (large) firms. In countries with weak legal systems, banks may rely on informal tools (such as long-term relationships or reputation) to mitigate default risks of large firms. However, banks cannot rely similar mechanisms for households to assess risks and insure repayment. As such, an improvement in property rights, judicial efficiency or contract enforcement mechanisms should improve household access to credit, without strongly impacting (large) firms. In addition, institutional development could promote a process of formalization of households. With an expansion of formal businesses a higher percentage of the population could provide the necessary documentation to get access to loans. Nevertheless, household loans remain limited and improvements in legal infrastructure might not have impact on household access to credit (because most banks refuse to pursue legal action in case of non-repayment). In addition, formalization might more favor access to loans by small firms rather than by households.

Access to education is another important changing condition that could spur the demand of credit by households. A growing body of literature has shown that the use of financial services is related to financial literacy [START_REF] Lusardi | The economic importance of financial literacy: Theory and evidence[END_REF]. We therefore expect that demand for loans by households increases with the general level of education of a household (a crude proxy for financial literacy). If less developed countries have benefited more from these changes than other countries, we should observe a convergence, not only of the level of financial development, but of the share of household credit in total credit.

A final change in conditions in which developing countries operate is the international-ization of financial markets due to financial liberalization. [START_REF] Claessens | Foreign banks: Trends and impact[END_REF] document a substantial increase in the presence of foreign banks in emerging and developing countries since the mid-1990s. It is possible that financial integration and the entry of foreign banks have contributed to the convergence of credit structure as foreign bank branches bring expertise in lending technologies to households.2 However, empirical evidence is less clear-cut. [START_REF] Beck | Who gets the credit? And does it matter? Household vs. firm lending across countries[END_REF] show that the percentage of foreign banks is unrelated to the percentage of household credit. [START_REF] Beck | Foreign bank ownership and household credit[END_REF] prove that foreign banks cherry-pick financially transparent households (with potential detrimental effects for other households).

A change in the process of financial development

Until now, we have argued that credit structure convergence is driven by changing conditions (institutions, education, internationalization), but it may be due to an "endogenous" process in the sense that the share of household credit mechanically increases with financial development.

First, the general increase of income in developing countries has increased the demand for household credit. The middle class in developing countries seeks to acquire housing or cars and/or access to education, stimulating consumer and mortgage credit.

Second, the rapid growth of household credit can also be driven by supply-side factors.

To expand businesses beyond large firms, banks have strong incentives to grant loans to households rather than to finance small firms. The wealthiest households may express a desire for credit to finance housing purchases or buy durable goods (e.g. cars). In addition, these households are able to provide the necessary formal documentation and collateral (especially for mortgage credit) required by banks. Furthermore, mortgage loans require large amounts that can recoup screening costs. By contrast, financing small firms remains a risky (lack of collateral, etc.) and costly strategy (screening and monitoring costs). Even if banks finance small firms, the total amount of loans may remain limited loan. Finally, a growing body of literature has shown that bankers tend to favor related borrowers, especially in less transparent countries [START_REF] Porta | Related lending[END_REF]. Although this literature focuses on firm credit, we can expect that bankers prefer extending credit to personal relations over small (anonymous) firms.

Convergence or divergence

Some may argue that we could observe divergence rather than convergence. However, this would be the case only if changing conditions (institutions, education, internationalization) have primarily benefited the already developed countries.

Moreover, financial development can come hand-in-hand with the adoption of new lending technologies and bank branch network expansion. It is unclear whether these changes primarily benefit households. New branches in remote areas may favor local firms rather than households. In addition, innovations can be created to reduce screening and monitoring costs incurred by firm credit.

Third, emerging and developed countries have witnessed a rapid growth of household credit just before the 2008 global financial crisis. Without discussing the drivers of this increase, we could observe that the growth of household credit can be faster in the most developed countries.

Last but not least, the literature on convergence finds that income levels do not exhibit convergence on a worldwide scale (see [START_REF] Durlauf | Handbook of Economic Growth[END_REF]. The club convergence hypothesis states that only countries that share similar characteristics experience convergence in the long-run. As a result, we could expect that convergence occurs within groups but not across countries from different groups. [START_REF] Bahadir | Catching up or drifting apart: Convergence of household and business credit in Europe[END_REF] show that European countries have experienced convergence in credit structure but we cannot infer whether this result holds when we consider countries from different areas. As a result, our empirical investigation tries to provide an answer to this question by considering a large range of countries.

Methodology

Credit structure database

Data were hand-collected from Central Bank publications including Central Bank annual reports, supervision department/agency annual reports, annual bulletins and statistical digests. The most difficult task consisted in harmonizing data from diverse sources with their own classifications. Some basic filters were applied to allow comparison across countries. From the supply-side, we focused on credit provided by commercial banks. In other words, we did not consider credit provided by non-banking financial institutions as data on loans provided by non-banking financial intermediaries are not always available. In some countries, total credit provided by the non-banking financial sector can be very different from credit provided by the banking system (e.g., in the US). However, in the majority of countries, loans are mainly provided by commercial banks. On the demandside, we excluded credit allocated to central and local administration because we focus here on private credit. Nonetheless, to avoid (spurious) breaks due to privatization of former state-owned companies in recent years, we considered credit to state-owned enterprises as part of business (private) credit. In addition, we excluded credit to financial companies. After applying these filters, we considered all countries for which we were able to identify a consistent data source. Household credit was defined as credit to household, credit to individuals or personal credit. Obtaining reliable information on household credit is difficult, especially in less developed countries. We reported credit to household when explicit data was reported, therefore improving reliability of data. Firm credit was defined as credit allocated to non-financial corporations. 3

3 An alternative consists in defining credit to household as a residual (see [START_REF] Beck | Who gets the credit? And does it matter? Household vs. firm lending across countries[END_REF]. We did not adopt this methodology and collected data only when explicit information was available. It should be noted that we were able to collect data on firm credit for 18 additional countries (Bangladesh, Bolivia, Brazil, Burundi, the Democratic Republic of Congo, Ghana, Iran, Jordan, Laos, Liberia, Nigeria, Rwanda, Samoa, Sudan, Suriname, Tanzania, Taiwan and Yemen) but we did not include them in this study because we were not able to retrieve household credit data on them. In addition, the distinction between household and firm credit can be misleading for sole proprietorship. For the majority of countries, we had no information on individual enterprises. However, when we were able to obtain sufficient disaggregated data, loans to individual companies were considered as an element of firm credit.

Our database differs from existing datasets in two aspects. First, it considers 143 countries spanning different periods, depending on data availability, between 1995 and 2014.

Existing papers that focus on breakdown between household and firm credit cover less than 40 countries and often concentrate on the developed world and are based on individual initiatives or alternative datasets. One noteworthy initiative is the BIS Long series dataset on total credit to the non-financial private sector, which presents household credit and firm credit for 43 countries over a long period (since 1952 for the U.S. and in many cases since the 1980s). One advantage of this dataset is the effort made to ensure comparison through harmonization protocols among national statistics authorities. While our dataset does not cover a long time period, it has two main advantages over the BIS Long series dataset. First, we consider a large range of countries from all levels of development and continents, while the BIS Long series dataset focuses mainly on emerging and developed countries.

Second, contrary to the BIS Long series dataset, we did not only distinguish between household and enterprise credit but also scrutinized their composition. We broke down household credit into home loans (mainly mortgage loans) and other loans (consumer credit, student loans, credit cards, auto loans, etc). A breakdown of household credit is available for 84 countries. For firm credit, we consider six sectors: agriculture and fishing, industry (mining, gas and water, manufacturing), construction, transport, trade and other services (e.g. hotels and catering). 4 We are able to provide data for firm credit breakdown in 104 countries. All details regarding country coverage (Table 11) and variable descriptions (Table 12) are provided in the Appendix. Before using our database, we scrutinize whether the Credit Structure Database (CSD henceforth) provides reliable information. To do so, we firstly compare the CSD with the frequently employed Financial Structure Database [START_REF] Beck | Financial institutions and markets across countries and over time: The updated financial development and structure database[END_REF]. The Financial Structure Database (FSD henceforth) reports domestic credit granted to the private sector by banks (in % of GDP) without distinguishing between credit to firms and credit to households. We consider that the CSD provided reliable data if the measure of total credit (in % of GDP) is strongly correlated with the measure reported in the FSD. Indeed, we find a correlation coefficient of 0.9 (country-year observations: 1,947 observations). We secondly compare the BIS Long series database with the CSD. We have only 40 countries for which information on both datasets is available. Figures reported in the BIS Long series database exceed those reported in the CSD (which focuses exclusively on bank credit). The pairwise correlation is around 0.7 for total credit and evolutions over time are rather similar.

Econometric model

We test the hypothesis of convergence of each credit aggregate following the same specification adopted by [START_REF] Bahadir | Financial development convergence[END_REF]. We first estimate the following model for unconditional β convergence:

g i,t = α + βY i,t + µ i + τ t + u i,t (1) 
where g i,t is the growth of credit aggregate in country i in period t and Y i,t the initial value of credit aggregate Y in period t for country i. To control for unobserved time-invariant country characteristics and common shocks, we use country fixed effects (µ i ) and time dummies (τ t ).

Unconditional β-convergence implies that all countries share the same steady-state path.

However, heterogeneity across countries invalidates this assumption [START_REF] Sala-I Martin | The classical approach to convergence analysis[END_REF].

Therefore to obtain a more comprehensive picture of the convergence, we assess conditional β-convergence which is measured by introducing a vector of control variables [START_REF] Bruno | Do financial systems converge? New evidence from financial assets in OECD countries[END_REF][START_REF] Bahadir | Financial development convergence[END_REF] as follows:

g i,t = α + βY i,t + ΓX i,t + µ i + τ t + u i,t (2) 
where X i,t is a matrix of the same control variables used by [START_REF] Bahadir | Financial development convergence[END_REF]:

the level of real GDP per capita, inflation, government consumption and trade openness (all in logs and included with one lag).

We study whether the level of income (or financial development) accelerates or decelerates the process of convergence. We use an interaction between the initial value of credit aggregate and the (lagged) level of GDP per capita (or total credit over GDP) as follows:

g i,t = α + βY i,t + δY i,t × Z i,t + γZ i,t + ΓX i,t + µ i + τ t + u i,t (3) 
where Z i,t is the logarithm of GDP per capita or the ratio of credit to GDP and other variables are presented above (see Eq. 2). The process of convergence is slower for the least developed countries if δ < 0 and faster if δ > 0 (we expect β to remain negative and statistically significant). To test whether convergence speed has been affected by the 2008 global financial crisis, we modify Eq. 2 by replacing Z i,t by a dummy equal to 1 for periods after 2008 (global financial crisis).

In a final step, we try to investigate whether convergence is due more to changes in a country's environment or to an endogenous process in the course of financial development (see Section 2). In doing so, we extent Eq. 2 by adding variables controlling for changes in institutions, education or internationalization as follows:

g i,t = α + βY i,t + δZ i,t + ΓX i,t + µ i + τ t + u i,t (4) 
where Z i,t are additional control variables, namely the composite index from ICRG (institutions), the second school enrollment from the WDI (education) and the share of foreign owned banks in banking systems from Claessens and Horen (2014)'s database (internationalization). We are interested in whether the evidence for convergence (the estimated coefficient for β) is affected by inclusion of these additional control variables.

If so, we provide some evidence that changing conditions (partially or totally) explain the convergence process.

Our approach differs in one aspect from [START_REF] Bahadir | Financial development convergence[END_REF]. They employ nonoverlapping five-year periods to control for business cycles with the aim of smoothing out the annual variations while preserving the time variation on the country level. Given the short time span in our dataset, we cannot use five-year periods (we have a maximum of four periods and often less for some countries). Thus, we follow recent papers and employ three-year periods [START_REF] Léon | Enterprise credit, household credit and growth: New evidence from 126 countries[END_REF][START_REF] Bahadir | Catching up or drifting apart: Convergence of household and business credit in Europe[END_REF].

For all models, we consider several credit variables: total credit, firm credit, household credit and the ratio of household credit to total credit. For the baseline model only, we also consider components of household credit (home loans and other household loans for household credit) and those of firm credit (credit to agriculture, industry, construction, transport and trade). 5 The coefficient of interest is β. There is convergence if β < 0, indicating that credit grows more rapidly in countries with a lower initial level of credit.

By contrast, β > 0 indicates a process of divergence in the sense that growth is more rapid for countries with a higher initial level of credit. (over the sample period).

Results

Descriptive Statistics

< Insert here Table 1 > However, we expect that heterogeneity is related to country characteristics. In Table 2, we classify countries according to the World Bank classification. Total credit represents, on average, less than 15% of GDP in low-income countries but exceeds 75% of GDP in high-income countries.6 < Insert here Table 2 andFigure 1 > The same is true for household credit. While household credit to GDP is below 5% (on average) for 37 countries, it is above 40% for 22 others. Variations are related to the level of income of the given country. For instance, household credit accounts for less than 2% of GDP in low-income countries and for more than one third of GDP in high-income countries (Table 2). Firm credit also presents variations, albeit less marked ones and these differences are also related to the level of economic development of the country in question.

Evolution over time

We now concentrate on evolution over time rather than comparison across countries. To avoid shifts induced by the inclusion of a new country, our analysis is based on 88 countries for which we have data for the period between 2000 and 2014.7 From 2000 and 2014, we observe in Figure 1 an increase of the ratio of total credit over GDP from 43.5 % of GDP to 61.2 % of GDP. In Figure 2, we give special attention to highlight the convergence process of total credit. We rank all 88 countries according to their levels of total credit over GDP in 2000 and then separate them into four groups (quartiles) along the 25th, 50th and 75th percentiles, respectively. We then divide the average value of the total credit to GDP ratio for the first three quartiles by the average of this ratio for the fourth quartile. In Figure 2, we report these ratios by year. We see a positive trend of the three groups, indicating that the growth of total credit (over GDP) has witnessed more rapid growth for the first three quartiles than for the fourth. This finding suggests a process of convergence. 8 < Insert here Figures 2, 3, and4 >

We then focus on firm credit and household credit. For both, we observe an expansion during the last decade although household credit witnessed a more rapid increase in relative and absolute levels. Firm credit increased by 22% from 2000 to 2014, while household credit expanded by 70%. Furthermore, while firm credit experienced a decrease between 2009 and 2014, household credit continued to expand (see. Figure 1). As previously, we concentrate on the convergence process and report in Figures 3 and4, the relative evolution of firm credit and household credit by quartile. These figures indicate that there is possible convergence of household credit and firm credit. Indeed, the growth of household and firm credit is faster for countries with a limited initial value of total credit (first, second and third quartiles). If we focus on the ratio of household credit, we observe the same trend (see Table 15 in the Appendix). The share of household credit increased from 30% of total credit in 2000 to 42% of total credit in 2014. Interestingly, this increase was greater in the first and second quartiles than for the third and fourth.

Before turning to the composition of household and firm credit, two points merit special attention. First, if we divide groups according to their income classification (instead of by initial value of total credit), we see similar trends (see Table 14 in the Appendix).

Second, Figures 2,3, and 4 indicate that there is a possible break in the convergence process after the 2008 Global Financial crisis. We show that the process of convergence for household credit is slower after 2008, at least for the second and third quartiles.

8 For instance, if we concentrate on the first quartile credit growth, we see that the average value of credit to GDP represented less than 10% of the value of this ratio for the fourth quartile in 2000 but more than 25% in 2014. We show a similar trend if we focus on the second and third quartiles. In Table 14, we also report evolution by group of countries according to their income classification and (initial) level of overall credit. Data show that low income countries have witnessed more rapid growth of total credit (in terms of percentage). In addition, while total credit continues to grow after 2009 in low-income countries, it stops its increase in other countries.

Composition of household and firm credit

Comparison across countries

We were able to obtain household credit information distinguishing between home loans (mainly mortgage loans) and other loans to households (consumer loans, auto loans, credit cards, student loans, etc.) for a sub-sample of 84 countries.9 The majority of household credit was home (mortgage) loans. Indeed, home loans account for 56% of household credit (see Table 3). We document in Table 4 that the composition of household credit is related to the level of income and level of financial depth.

< Insert here Tables 3 and4 > Turning to firm credit, we divided it into six categories: agriculture, industry (including manufacturing, mining and energy production), construction, transport, trade and other activities (mainly services). Summary statistics, reported in Table 3, indicate that the majority of loans are classified as loans to other sectors. These loans are mainly granted to firms operating in trade (22%) and industry (19%). By contrast, loans to the agriculture and transport sectors are limited and account for less than 7% of firm credit.

Compared to household credit, the relationship between the breakdown of firm credit and income (or financial development) is less clear-cut. The share of credit to agriculture and credit to trade decrease with income and financial development levels, contrary to credit to construction. Credit to industry is not strongly correlated with country's level of GDP per capita but more closely with its level of financial development (see. Table 13 in the Appendix).

Evolution over time

As previously, we are interested not only in cross-country differences but also in the evolution over time of the composition of household credit. In order to avoid spurious breaks, we consider 58 countries for which data are available. 10 We report in the Appendix (Table 16) the ratio of home credit to GDP (panel A) and the ratio of other household credit to GDP (Panel B) by year and by group of countries. On average, home loans (+43.5%) witnessed more rapid growth than other household loans (+16.2%). In addition, the 2008 global financial crisis did not seem to affect the growth of home loans, even in high income countries, which is surprising considering the origin of the crisis. However, other loans to households were impacted by the crisis. As a result, the share of home loans to household loans increased after 2008 (see Table 15 in the Appendix). After 2008, there was a slight increase of the percentage of home loans (+6.8%).

< Insert here Figure 5 > We also display evolution of household credit components by quartiles in Figure 5. We report relative variations that occurred between 2000 and 2014. For both home loans over GDP and other loans over GDP, growth was faster in countries with a limited level of total credit (first and second quartiles), suggesting a phenomenon of convergence. It is, however, unclear whether there is a process of convergence of the composition of household loans.

Next, we focus on the dynamics of firm credit by sector. Table 16 (Panel C) displays credit to each sector by year from 2000 to 2014. Only credit to agriculture witnessed a decrease in terms of value in percent of GDP (Panel C1) during the 2000s, while other components of firm credit increased. In relative terms (panel C2), we show that the percentage of credit to agriculture, industry and trade decreased contrary to credit to construction and transport. In addition, only credit to construction was affected by the 2008 financial crisis. This finding is in line with the fact that the construction sector was among the industries most affected by the crisis [START_REF] Guichard | Assessing the impact of the financial crisis on structural unemployment in OECD countries[END_REF]. However, world averages certainly smooth out evolutions and can therefore mask important shifts in other sectors.

< Insert here Figure 6 > In Figure 6, we scrutinize growth of credit to each sector by quartile. We report relative variations between 2000 and 2014. The data reveals strong evidence of convergence of credit to construction and weaker evidence of convergence for other components of firm credit.

Econometric results

Baseline model

Decomposition of total credit

Table 5 displays the econometric results of our convergence analysis for total credit, firm credit and household credit. For each credit aggregate, we present results for unconditional convergence (without control variables) and conditional convergence (with control variables), respectively. Coefficients associated with total credit in both models (columns [1-2]) are negative and statistically significant at the 1% level, indicating the presence of a convergence process. Our findings are in line with descriptive statistics presented in Table 14. Our estimate of β is very close to that obtained by Bahadir andValev (2015, 2017).11 Our results are also sizeable. A 20 point increase of initial credit (i.e., the difference between the 25th and 50th percentiles) is associated with a decline in the growth of total credit by about 3.64 percentage points. This is an economically sizable effect given that the average annual growth rate of credit in the sample is 4.78% (and standard deviation is 11.19%).

< Insert here Table 5 >

In subsequent columns, we study the convergence process of firm credit (columns [3-4]) and household credit (columns [5-6]), separately. Our analysis provides two main insights.

First, both firm credit and household credit experienced a convergence process. Coefficients associated with the initial value of credit are negative and statistically significant at the 1% level in all specifications. Second, the convergence of household credit occurs more rapidly than that of enterprise credit. An increase of 20 percent of the initial value of firm credit reduces its growth by 5.1%, while the same increase of the initial value of household credit leads to a decline of 11.7% of its growth. 12 In other words, the rate of convergence of household credit is two times faster than the convergence of firm credit.

Our results are in line with [START_REF] Bahadir | Catching up or drifting apart: Convergence of household and business credit in Europe[END_REF], who document a much larger convergence effect of household credit in the context of 30 European countries. Using a larger range of countries, we confirm and generalize this finding.

Insofar as household credit convergence outpaces that of firm credit, we expect that there is also a convergence of the share of household credit. In columns [7][8] we test this hypothesis. Concretely, in Eqs. 1 and 2, g it is the increase of the ratio of household credit to total credit and the interest variable is its initial value. As expected, countries with a lower share of household credit have witnessed a higher increase of this ratio in subsequent years.

Decomposition of household and firm credit

In Table 6 we focus on the composition of household credit between home loans and other household loans. For all specifications, coefficients associated with initial values are negative and statistically significant at the usual thresholds, indicating the existence of a process of convergence. Contrary to the previous comparison between firm credit and household credit, it is difficult to draw a clear conclusion about whether convergence of home loans is faster or slower than convergence of other loans to households. 13 To im-prove our knowledge about this issue, we investigate the convergence of the ratio of home loans to household loans. Results are shown in columns [5][6]. Coefficients associated with initial values are negative and statistically significant, indicating that countries with a limited share of home loans witnessed a more rapid increase of this ratio.

< Insert here Tables 6 and7 > Finally, we concentrate on the convergence process for components of firm credit. Results are reported in Table 7. We observe evidence of a convergence process for credit to agriculture, credit to construction, and credit to trade. However, we fail to provide evidence of convergence for credit to industry or credit to transport. These findings partially contradict descriptive statistics presented in Figure 6. 14 In particular, descriptive statistics tend to document the absence of convergence for credit to agriculture, but econometric analysis show the existence of a convergence process for it.

Robustness checks

We display some sensitivity tests in the Appendix (Table 17). 15 First, we change the interest variable by using the average value of the previous period instead of the initial value (column [1]). Second, we run the model by excluding outliers by trimming off the top and bottom 1% of all variables (column [2]). In column [3], we follow [START_REF] Bahadir | Financial development convergence[END_REF] and consider a dynamic panel data model. As is now standard in the literature, we employ the GMM-system estimator proposed by [START_REF] Blundell | Initial conditions and moment restrictions in dynamic panel data models[END_REF]. 16 Finally, deviation of the annual growth of home loans. An increase of one standard deviation of other household loans also leads to a decline of 10 percentage points of subsequent growth. However, this represents 80% of the standard deviation of its annual growth. It is, therefore, unclear which presents the higher speed of convergence.

14 One must keep in mind that statistics are computed for a sub-sample of countries. 15 We focus on results regarding total credit, firm credit and household credit. Robustness checks for other specifications are not presented for the sake of brevity but are available upon request. The main findings are confirmed. 16 The presence of the initial value to explain the subsequent variation of credit may put the model inside the context of a dynamic panel model. All explanatory variables are considered as weakly exogenous, and available lagged values are used as internal instruments. We use the two-step procedure proposed by [START_REF] Blundell | Initial conditions and moment restrictions in dynamic panel data models[END_REF] and obtain robust standard errors using the [START_REF] Windmeijer | A finite sample correction for the variance of linear efficient two-step gmm estimators[END_REF] finite sample correction.

we rerun the model using annual observations instead of three-year periods and display results in column [4]. In a nutshell, our results are robust to these changes both in terms of statistical and economical significance. We show that total credit, firm credit, and household credit present a process of convergence. In addition convergence of household credit occurs faster as confirmed by the analysis of the ratio of household credit (Panel D). [START_REF] Stolbov | Do financial systems converge? A comprehensive panel data approach and new evidence from a dataset for 102 countries[END_REF][START_REF] Bahadir | Financial development convergence[END_REF] document that the speed of convergence differs according to a country's economic and financial development. We study this possibility by adding interactions between income and financial development levels and initial value of credit (see Eq. 3). We display our results in Table 8. We find that convergence of total credit occurs faster in countries with a low level of GDP per capita (Panel A) and in those with a limited level of financial development (Panel B), although all countries experienced a process of convergence.17 The same is true if we consider household credit. Nonetheless, we cannot show more rapid convergence of the ratio of household credit in less developed countries.

Non-linearities

We then concentrate on the post 2008 crisis period. Figures 234show that convergence marked a break after 2008, at least for household credit (Figure 4). Results, displayed in Panel C, document that convergence was slower after 2008 for total credit. Interaction is positive and statistically different from zero. The impact of the global crisis is far from anecdotal insofar as the speed of convergence decreases by almost 15% after 2008. When we focus on household credit, we also show a faster convergence process prior the global financial crisis. This result is particularly robust.

< Insert here Table 8 >

We test the sensitivity of these findings by including the three interactions in the same model (results are unreported but available upon request). Robustness checks confirm the main findings. The effect of income is particularly robust for total credit and household credit and the impact of post-crisis period is highly robust when we consider household credit.

Is convergence induced by changing conditions?

Section 2 presents two main channels that could explain convergence. Convergence can be driven by changing initial conditions or it can be explained by unobserved changes in conditions and can be a natural evolution in the course of financial development. In this sub-section, we test whether changing conditions in developing countries may drive our findings. To do so, we extend our baseline model by including three potential factors, namely institutional level, education level and internationalization of banking systems.

< Insert here Table 9 >

We are interested in whether the evidence for convergence (the estimated coefficient for β) is affected by inclusion of these additional control variables. If so, it provides us some evidence that the convergence process is due (partially or totally) to changing conditions.

To provide comparable analysis we report in columns [1], [3], and [5] of Table 9, the baseline model when ICRG composite index, education level and the share of foreignowned banks, respectively, are available. In columns [2], [4], and [6] we include the three additional control variables. If changing conditions explain a large share of the convergence effect, the estimated β has to be reduced both statistically and economically.

As shown in Table 9, this is not the case. Put differently, convergence cannot be explained by changing conditions (at least for those tested here).

Replication with the BIS dataset

As stated in Section 3, the BIS provides an alternative dataset with information on household and corporate credit. While this database covers less countries, it offers the advantage of ensuring reliability due to harmonization procedures adopted by national statistical authorities. In Table 10, we replicate our baseline model using data provided by the BIS. 18 < Insert here Table 10 > We confirm our main findings: (i) total credit, firm credit and household credit converge, even if the rate is lower than that observed when we consider all countries (certainly because countries included are more developed than those used previously); (ii) the rate of convergence of household credit is faster that the convergence of firm credit. We employ the BIS dataset to run additional specifications (robustness checks, non linearities and the inclusion of additional control variables). Results, unreported but available upon request, confirm our main findings.

Conclusion

This paper investigates the convergence of credit structure. Using an original database, we focus on the breakdown between household credit and firm credit. To do so, we hand-collected data from diverse sources on 143 countries over the period 1995-2014.

Data exploration shows that countries with a limited level of financial development witnessed more rapid growth of total credit, household credit and firm credit, suggesting a phenomenon of convergence.

We empirically test convergence of credit structure around the world. Our main findings can be summarized as follows. First, there is a process of convergence for total credit, household credit and firm credit. Second, convergence of household credit occurs faster than that of firm credit. As a result, we observe a convergence of the ratio of household credit to total credit. Third, we highlight the existence of a convergence process for both household credit dedicated to housing purchases (mortgage loans) and other loans to households (credit cards, car loans, consumer loans, etc.). Fourth, for enterprise credit, there is convergence of credit to agriculture, credit to construction and credit to trade but not of credit to industry and credit to transport. Fifth, we show that the convergence process is, in general, faster in low-income countries, in countries with an initial low level of financial depth and prior to 2008. Finally, our data investigation does not support the idea that convergence is driven by changing conditions in developing countries. Put differently, we expect that credit structure convergence is a mechanical evolution over the course of financial development. Our econometric results are robust to several changes.

In particular, we employ the BIS database to replicate our findings.

In terms of implications, our findings are ambiguous. Reducing the gap in financial depth with developed countries could help developing economies to converge with developed countries in terms of income. However, we observe that convergence is mainly driven by household credit, which has negative effects on real activity and financial stability.

Future works should investigate implications of credit to households and credit to firms on real activity beyond growth (investment, stabilization, inequality). The Credit Structure Database, presented here, may help researchers to investigate these issues. Tables Table 1: Total credit, firm credit and household credit, summary statistics ‡ We classify countries according to their levels of total credit over GDP and then separated into three groups along the 25th, 50th and the 75th percentile. (columns [5-6]) and the ratio of household credit to total credit (columns [7][8]). All models are estimated using within estimator and include 3-year period dummies (not reported to save space). Standard errors are clustered at the country level and t-stats are reported in parentheses. *, **, *** indicate significance at the 10%, 5% and 1% level, respectively. (columns [3-4]), and the ratio of home loans to household credit (columns [5-6]). All models are estimated using within estimator and include 3-year period dummies (not reported to save space). Standard errors are clustered at the country level and t-stats are reported in parentheses. *, **, *** indicate significance at the 10%, 5% and 1% level, respectively. (columns [5-6]) and the ratio of household credit to total credit (columns [7][8]). All models are estimated using within estimator and include 3-year period dummies (not reported to save space). Standard errors are clustered at the country level and t-stats are reported in parentheses. *, **, *** indicate significance at the 10%, 5% and 1% level, respectively. 
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 16 Figure 1: Evolution of total credit, firm credit and household credit

  

  

Table 2 :

 2 Total credit, firm credit and household credit, by group of countries Countries are classified according to the classification proposed by the World Bank.

			% of GDP		% of total credit	Nb. of
		Total House.	Firm	Household	Firm countries
	Panel A: By income †					
	Low income	14.62	1.66 12.96	11.70 88.27	20
	Lower middle income	27.80	7.71 20.09	24.63 75.37	32
	Upper middle income	43.53	16.89 26.70	36.95 63.18	35
	High income	77.35	35.98 41.41	45.37 54.69	56
	Panel B: By financial development ‡			
	1st quartile	12.25	2.65	9.62	20.55 79.60	35
	2nd quartile	30.28	9.66 20.66	31.60 68.54	36
	3rd quartile	55.82	24.27 31.55	43.09 56.91	36
	4th quartile	109.09	50.07 59.01	45.80 54.20	36
	†					

Table 3 :

 3 Decomposition of household and firm credit, summary statistics

	Variable	Obs	Mean	S. D.	Min	25th Median	75th	Max
	Panel A: Household credit						
	Variables in level (credit to GDP)						
	Household credit 1,949 (143)	21.68 21.86 0.00	4.56	14.50	32.62 141.8
	-Home loans	1,067 (84)	20.20 19.70 0.00	5.10	15.08	27.91 105.2
	-Others loans	1,067 (84)	10.17	8.03 0.25	5.27	8.46	12.91	63.1
	Variables in percentage of household credit					
	-Home loans	1,067 (84)	56.80 22.45 0.00 40.71	60.00	75.27 95.24
	-Others loans	1,067 (84)	43.03 22.68 4.76 24.27	40.05	59.29	100
	Panel B: Firm credit						
	Variables in level (credit to GDP)						
	Firm credit	1,949 (143)	30.24 22.54 0.32 13.92	24.03	40.38 171.0
	-Agriculture	1,164 (104)	1.54	2.77 0.00	0.33	0.89	1.70	24.8
	-Industry	1,164 (104)	5.37	4.16 0.02	2.27	4.50	7.24	22.2
	-Construction	1,164 (104)	4.20	5.49 0.07	1.02	2.14	4.83	37.3
	-Transport	1,164 (104)	2.09	2.51 0.01	0.79	1.57	2.48	23.3
	-Trade	1,164 (104)	6.08	3.93 0.00	3.55	5.42	7.83	30.0
	-Miscellaneous	1,164 (104)	11.96 13.80 0.16	3.26	8.03	15.76 116.8
	Variables in percentage of firm credit					
	-Agriculture	1,164 (104)	5.82	7.59 0.00	1.43	3.14	7.15 63.67
	-Industry	1,164 (104)	19.10 11.30 0.02 10.98	18.12	25.88 69.77
	-Construction	1,164 (104)	12.07	9.92 0.80	4.84	8.74	16.59 59.37
	-Transport	1,164 (104)	7.16	5.93 0.15	3.85	5.75	8.48 45.24
	-Trade	1,164 (104)	22.41 10.93 0.00 14.32	20.38 28.81332 56.88
	-Miscellaneous	1,164 (104)	32.51 18.14 0.76 18.80	30.70	44.72 88.43

Table 4 :

 4 Decomposition of household and firm credit, grouped by country income and financial development levels

		Household credit			Firm credit	
		Home loan Other	Agri.	Ind. Const. Transp. Trade Misc.
	Panel A: By level of income						
	Low income	30.24	69.76	9.07 19.79	7.67	8.68	33.21	17.40
	Lower middle income	37.82	62.17	9.05 25.11	11.16	7.87	23.24	19.56
	Upper middle income	47.20	52.80	5.18 16.92	12.02	5.81	23.95	36.68
	High income	66.43	33.29	3.51 17.30	14.14	7.03	17.21	41.69
	Panel B: By level of financial development					
	1st quartile	32.18	67.82	9.53 22.72	9.24	9.12	29.24	19.89
	2nd quartile	43.47	56.55	5.65 23.03	10.51	7.03	24.87	28.72
	3rd quartile	58.71	41.40	4.13 16.83	14.12	5.37	22.64	36.24
	4th quartile	70.97	28.48	4.38 14.94	13.88	7.24	14.50	42.80

Table 5 :

 5 Convergence analysis, decomposition of total credit

	Variables	[1]	[2]	[3]	[4]	[5]	[6]	[7]	[8]
	Total credit	-0.180*** -0.182***						
		(-5.02)	(-6.79)						
	Firm credit			-0.268*** -0.253***				
				(-5.40)	(-5.07)				
	Household credit					-0.650*** -0.587***		
						(-4.44)	(-4.41)		
	HC/TC							-0.911*** -0.827***
								(-5.32)	(-3.69)
								(-5.32)	(-3.69)
	GDP per capita		-6.166		-4.314		-23.821**		-6.452
			(-0.97)		(-0.63)		(-2.34)		(-1.10)
	Inflation		-0.016		-0.566		3.169**		1.113
			(-0.01)		(-0.42)		(1.99)		(1.23)
	Gov Exp.		-8.077*		-11.224**		-16.648		-1.033
			(-1.66)		(-2.29)		(-1.47)		(-0.16)
	Trade		-14.202***		-17.755***		-10.830		3.510
			(-3.23)		(-3.41)		(-1.59)		(0.71)
	Obs.	624	552	624	552	624	552	624	552
	# countries	142	135	142	135	142	135	142	135
	R 2 (within)	0.16	0.21	0.13	0.18	0.15	0.22	0.23	0.22
	Dependent variables are the annual growth of the ratio of total credit (columns [1-2]), firm credit (columns [3-4]), household credit

Table 6 :

 6 Convergence analysis, decomposition of household credit

	Variables	[1]	[2]	[3]	[4]	[5]	[6]
	Home loans	-0.597** -0.519**				
		(-2.21)	(-2.16)				
	Others (household loans)			-1.072*** -1.321***		
				(-4.58)	(-7.55)		
	Home loans/Household credit					-0.600*** -0.638***
						(-3.48)	(-4.39)
	GDP per capita		-37.983**		-1.480		-2.322
			(-2.28)		(-0.11)		(-0.19)
	Inflation		0.443		-0.351		0.940
			(0.21)		(-0.26)		(0.64)
	Gov Exp.		-26.811		-12.062		-8.049
			(-1.57)		(-1.42)		(-0.88)
	Trade		-60.166**		-14.152**		-20.164*
			(-2.53)		(-2.01)		(-1.78)
	Obs.	342	317	342	317	342	317
	# countries	82	79	82	79	82	79
	R 2 (within)	0.11	0.21	0.20	0.28	0.19	0.28
	Dependent variables are the annual growth of the ratio of home loans (columns [1-2]), other loans to households

Table 7 :

 7 Convergence analysis, decomposition of firm credit

	Variables [1] [2] [3] [4] [5] [6] [7] [8] [9] [10]	Agriculture -47.806** -52.677**	(-2.27) (-2.52)	Industry 4.044 4.543	(1.30) (1.35)	Construction -1.540*** -1.605**	(-3.00) (-2.44)	Transport 2.2857 2.566	(0.29) (0.29)	Trade -1.310* -1.656*	(-1.96) (-1.92)	GDP per capita 58.486 -23.508 -21.769* 166.70 15.234	(0.87) (-0.87) (-1.87) (0.99) (0.63)	Inflation -10.349 -3.837 -2.135 6.906 -5.899	(-1.46) (-1.05) (-0.84) (0.48) (-1.50)	Gov Exp. 15.652 -0.77 -17.214 -43.936 -32.073*	(0.60) (-0.00) (-1.06) (-1.59) (-1.92)	Trade -42.642* -24.069* -22.372* 59.574 -2.568	(-1.80) (-1.68) (-1.82) (0.63) (-0.29)	Obs. 542 483 535 468 540 473 480 424 546 480	# countries 139 130 137 129 139 131 126 120 140 132	R 2 (within) 0.19 0.21 0.03 0.04 0.07 0.10 0.01 0.02 0.03 0.05	Dependent variables are the annual growth of the ratio of firm credit to agriculture (columns [1-2]), to industry (columns [3-4]), to construction	(columns [5-6]), to transport (columns [7-8]) and to trade (columns [9-10]). All models are estimated using within estimator and include 3-year	period dummies (not reported to save space). Standard errors are clustered at the country level and t-stats are reported in parentheses. *, **,	*** indicate significance at the 10%, 5% and 1% level, respectively.

Table 8 :

 8 Conditional convergence analysis, non-linearities Dependent variables are the annual growth of total credit (Total), firm credit (Firm), household credit (HH.) and the ratio of household credit to total credit (HC/TC). FD is the level of total credit to GDP. Control variables include GDP per capita, inflation, trade openness and government expenditures to GDP (all in logs). Standard errors are clustered at the country level and t-stats are reported in parentheses. All regressions are estimated using fixed effects regressions with dummies for the respective periods. *, **, *** indicate significance at the 10%, 5% and 1% level, respectively.

	Panel A: Interaction with income			
		Total	Firm	House.	HC/TC
	Credit	-0.888*** -0.617	-5.836*** -2.127*
		(-3.27)	(-1.51)	(-3.77)	(-1.84)
	Credit*log(GDPpc) 0.071***	0.037	0.518***	0.150
		(2.67)	(0.94)	(3.50)	(1.32)
	Obs.	552	552	552	552
	# countries	135	135	135	135
	R 2 (within)	0.22	0.18	0.27	0.23
	Panel B: Interaction with financial development		
		Total	Firm	House.	HC/TC
	Credit	-0.314*** -0.152	-1.075*** -0.823***
		(-4.95)	(-0.90)	(-3.19)	(-3.71)
	Credit*FD	0.001***	0.001	0.004***	0.000
		(2.66)	(1.23)	(2.94)	(-0.16)
	Obs.	552	552	552	552
	# countries	135	135	135	135
	R 2 (within)	0.21	0.18	0.24	0.22
	Panel C: Interaction with post-2008 dummies		
		Total	Firm	House.	Home
	Credit	-0.214*** -0.292*** -1.065*** -0.902***
		(-6.17)	(-3.63)	(-5.37)	(-4.04)
	Credit*GFC	0.034*	0.051	0.392***	0.243***
		(1.66)	(0.83)	(4.85)	(2.77)
	Obs.	552	552	552	552
	# countries	135	135	135	135
	R 2 (within)	0.21	0.15	0.27	0.24

Table 9 :

 9 Baseline regressions with additional control variables ) consider baseline model with ICRG composite index (resp. school enrolment/foreign owned banks) included as an additional control variable. All models are estimated using within estimator and include 3-year period dummies and control variables (not reported to save space). Control variables include GDP per capita, inflation, trade openness and government expenditures to GDP (all in logs). Standard errors are clustered at the country level and t-stats are reported in parentheses. *, **, *** indicate significance at the 10%, 5% and 1% level, respectively.

	Panel A: Total credit over GDP					
		Institutions	Education	For-owned banks
		[1]	[2]	[3]	[4]	[5]	[6]
	Total credit	-0.198*** -0.202***	-0.187*** -0.185***	-0.191*** -0.189***
		(-6.24)	(-6.26)	(-6.69)	(-6.68)	(-5.49)	(-5.35)
	Add control variable No	Yes	No	Yes	No	Yes
	Obs.	427	427	484	484	340	340
	# countries	103	103	129	129	103	103
	R2 (within)	0.22	0.22	0.25	0.25	0.35	0.36
	Panel B: Firm credit over GDP					
		Institutions	Education	For-owned banks
		[1]	[2]	[3]	[4]	[5]	[6]
	Firm credit	-0.270*** -0.277***	-0.256*** -0.259***	-0.343*** -0.345***
		(-4.85)	(-5.10)	(-4.96)	(-5.05)	(-5.39)	(-5.49)
	Add control variable No	Yes	No	Yes	No	Yes
	Obs.	427	427	484	484	340	340
	# countries	103	103	129	129	103	103
	R2 (within)	0.20	0.21	0.20	0.20	0.33	0.33
	Panel C: Household credit over GDP				
		Institutions	Education	For-owned banks
		[1]	[2]	[3]	[4]	[5]	[6]
	Household credit	-0.593*** -0.596***	-0.590*** -0.591***	-0.637*** -0.650***
		(-4.02)	(-4.00)	(-5.23)	(-5.45)	(-2.71)	(-2.56)
	Add control variable No	Yes	No	Yes	No	Yes
	Obs.	427	427	484	484	340	340
	# countries	103	103	129	129	103	103
	R2 (within)	0.23	0.23	0.22	0.22	0.30	0.30
	Panel D: Share of household credit					
		Institutions	Education	For-owned banks
		[1]	[2]	[3]	[4]	[5]	[6]
	HC/TC	-0.911*** -0.914***	-0.572*** -0.576***	-1.320*** -1.331***
		(-3.28)	(-3.28)	(-5.17)	(-5.24)	(-3.17)	(-3.22)
	Add control variable No	Yes	No	Yes	No	Yes
	Obs.	427	427	484	484	340	340
	# countries	103	103	129	129	103	103
	R2 (within)	0.24	0.24	0.15	0.15	0.34	0.34
	Dependent variables are the annual growth of total credit (Panel A), firm credit (Panel B), household credit
	(Panel C) and the share of household credit to total credit (Panel D). Column [1] (resp. [3]/[5]) consider
	baseline model when ICRG composite index (resp. school enrolment/foreign owned banks) is available and
	column [2] (resp. [4]/[6]						

Table 10 :

 10 Convergence analysis, BIS dataset Dependent variables are the annual growth of the ratio of total credit (columns [1-2]), firm credit (columns [3-4]), household credit

	Variables	[1]	[2]	[3]	[4]	[5]	[6]	[7]	[8]
	Total credit	-0.0550*** -0.0711***						
		(-4.42)	(-6.93)						
	Firm credit			-0.0704*** -0.0866***				
				(-4.76)	(-6.90)				
	Household credit					-0.221*** -0.180**		
						(-4.39)	(-2.58)		
	HC/TC							-0.554*** -0.293***
								(-4.85)	(-2.89)
	GDP per capita		18.60**		24.40***		-26.03*		-34.67***
			(2.34)		(2.75)		(-1.94)		(-3.66)
	Inflation		-1.007		-1.442		1.921**		1.915*
			(-1.25)		(-1.33)		(2.32)		(1.75)
	Gov. Exp.		-10.65*		-6.121		-24.02**		-13.79
			(-1.95)		(-0.89)		(-2.46)		(-1.67)
	Trade		-5.307		-6.259		3.047		8.124*
			(-1.35)		(-1.37)		(0.40)		(1.70)
	N	261	224	261	224	263	225	261	224
	# countries	43	43	43	43	43	43	43	43
	R 2 (within)	0.14	0.30	0.17	0.36	0.15	0.32	0.27	0.49

  Abs. refers to the difference between 2014 and 2000 and Rel. to this difference divided by value in 2000

		1	9	16	32				1	9	16	32		8	16											
																			10	18	22	38		22	22	22	22
		0.5 139.5	5.3 467.3	2.8 28.7	15.1 78.1		4.4 367.2		5.4 308.6	2.9 50.5	3.8 44.0	1.1 11.3		8.0 906.0	3.4 62.5	3.5 38.4		-0.21 -15.61	2.4 545.6	10.3 570.2	11.3 102.0	17.3 64.1		7.8 635.2	10.8 186.3	13.3 73.5	16.2 42.5
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Some studies have investigated whether bank-based financial systems adopt some market-based systems characteristics. Evidence is mixed; some articles argue for the absence of convergence[START_REF] Bianco | Financial systems across "developed economies": Convergence or path dependence?[END_REF][START_REF] Schmidt | Disintermediation and the role of banks in Europe: An international comparison[END_REF], while others find evidence of the existence of a convergence process(Murinde et al.

[START_REF] Murinde | Patterns of corporate financing and financial system convergence in Europe[END_REF][START_REF] Bruno | Do financial systems converge? New evidence from financial assets in OECD countries[END_REF].

Related to this topic, a large body of literature discusses whether foreign banks disproportionably target opaque small and medium-firm. Empirical findings remain unclear (see[START_REF] Claessens | Foreign banks: Trends and impact[END_REF].

Establishing homogeneous categories poses a challenge insofar as each country adopts its own classification. Therefore we focus on six categories only. For many other countries, we collected information on some sectors but not all.

In the Appendix (Table13), we display pair-wise correlations and show that correlation between the log of GDP per capita and total credit over GDP equals 0.66.

The list of countries is provided in Table11(column Evolution). For 3 countries included here, we have data from 2002 to 2013 (Madagascar, Gambia and Malawi).

The list of countries is provided in the Appendix(Table 11, column Household). It should be noted that data on the breakdown of household credit is available for the most financially developed countries. For instance, the average ratio of total credit is 66% for 84 countries in our study.

Concretely, we look at among 88 countries previously considered to study those with changes of total credit (see the previous sub-section), those providing data on breakdown of home loans and other household loans.

Using a sample of 147 countries over the period of 1960 to 2009,[START_REF] Bahadir | Financial development convergence[END_REF] obtain a value of β ranging between -0.17 (unconditional model) and -0.19 (conditional model) and our estimated value of β is -0.18. On a sample of European countries from 1995 to 2013,[START_REF] Bahadir | Catching up or drifting apart: Convergence of household and business credit in Europe[END_REF] obtain a coefficient equal to -0.20 which is once again very close to the coefficient.

20 percent is almost the value of the standard deviation of both firm credit (Std. Dev.=22.8) and household credit (Std. Dev.=21.7).

Indeed, an increase of one standard deviation of the initial value of home loans to GDP induces a reduction of annual growth by 10 percentage points, which represents about one half of the standard

We compute inflexion point by computing β/ δ (we use the exponential value of this formula for GDP per capita). Inflexion points are never reached.

Abs. refers to the difference between 2014 and 2000 and Rel. to this difference divided by value in 2000

We thank an anonymous referee to invite us to do so. The BIS database includes the following countries: Argentina, Austria, Australia, Belgium, Brazil, Canada, Chile, China, Colombia, Czech Rep., Denmark, Finland, France, Greece, Germany, Hong-Kong, Hungary, India, Indonesia, Ireland, Israel, Italy, Japan, Korea, Luxembourg, Mexico, Malaysia, Netherlands, Norway, New-Zealand, Poland, Portugal, Russia, Saudi Arabia, Singapore, South Africa, Spain, Sweden, Switzerland, Thailand, Turkey, United Kingdom, and U.S.A.

 (Panel B), household credit (Panel C) and the share of household credit to total credit (Panel D). Columns [1] employ the lagged average value of credit aggregate as interest variable, columns [2] exclude outliers, columns [3] employ dynamic panel data model (Blundell-Bond's GMM-system estimator) and columns [4] use annual data instead of three-year periods. Control variables include GDP per capita, inflation, trade openness and government expenditures to GDP (all in logs). All models, except column [3], are estimated using within estimator and include 3-year period dummies (not reported to save space). Standard errors are clustered at the country level and t-stats are reported in parentheses. AR(1/2) are the usual Arellano tests for autocorrelation and Hansen OID is the Hansen test of over-identification. *, **, *** indicate significance at the 10%, 5% and 1% level, respectively.