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Proxy Means Testing (PMT) -a popular method to target the poor -is subject to a lively debate among policy makers, civilian stakeholders and academics. In a recent article (Gazeaud, 2020), I provide empirical evidence on one largely ignored aspect of PMT targeting, namely its vulnerability to non-random measurement errors in survey-based consumption data.

Résumé : La méthode Proxy Means Testing (PMT) -très populaire pour cibler les ménages pauvresfait l'objet d'un vif débat parmi les législateurs, les acteurs de la société civile et les chercheurs. Dans un récent article, j'apporte un éclairage empirique pour documenter un aspect totalement ignoré de cette méthode de ciblage : sa vulnérabilité aux erreurs de mesures non aléatoires dans les données d'enquête sur la consommation.

Social programs such as cash and in-kind transfers have become an important tool for achieving poverty alleviation in developing countries: the number of developing countries with such programs doubled from 72 to 149 in the last two decades. But with an average spending of 1.6 per cent of GDP, coverage is far from universal, and policymakers often use targeting tools in order to concentrate the benefits on the poorest. However, identifying poor households is often complicated by a lack of verifiable records on earnings, especially in contexts where most households work in the informal sector or in traditional agriculture.

Against this background, Proxy Means Testing (PMT) has become an increasingly popular targeting method. In PMT, household income is predicted using a set of easily observable characteristics encompassing demographic characteristics (household size, number of children…), home attributes (floor type, roof type…), and household head's features (education, occupation…). PMT has been implemented in large countries such as Indonesia, Pakistan, Mexico, and the Philippines, as well as in a number of smaller countries, ranging from Ecuador to Jamaica, and more recently to at least 20 African countries. PMT is subject to a lively debate among policy makers, civilian stakeholders and academics. The most debated issue is probably the claim that PMT is one of the best mechanisms, if not the best mechanism available for identifying households living in poverty. Del Ninno and Mills (2015, p. 20) argue that it "can accurately and cost-effectively target the chronic poor". A recent World Bank report recommends the use of PMT to target beneficiaries of social benefits in Namibia because it "could provide better coverage at existing spending levels, providing a greater poverty and inequality impact" (Sulla, Zikhali, Schuler, & Jellema, 2017, p. 63). In contrast, critics often point to PMT's high built-in errors, implementation issues and lack of transparency. For instance, Kidd and Wylde (2011, p. 2) argue that "PMT is inherently inaccurate, especially at low levels of coverage, and it relatively arbitrarily selects beneficiaries, while other methods (…) may be better at including intended beneficiaries".

This debate has been fed by a surge of recent studies assessing the performances of PMT. In particular, Brown, Ravallion, and van de Walle (2018) provide a systematic assessment of PMT performances for nine countries in sub-Saharan Africa. They find that PMT reduces poverty only slightly more on average than a universal basic income, in which everyone gets the same transfer, whether they are rich, poor, or middle income. They conclude by suggesting that PMT is a "poor means test". In a recent article, I investigate whether these already poor PMT performances may in fact be an overestimation of actual PMT performances (Gazeaud, 2020). An implicit assumption made by Brown, Ravallion, and van de Walle (2018) -and other studies assessing PMT performances -is that consumption data underlying PMT regressions are errorfree or measured with random errors. However, this assumption has actually been challenged by recent literature. In particular, Gibson, Beegle, De Weerdt, and Friedman (2015) show that measurement errors in consumption have a mean-reverting negative correlation with true values. According to the typical textbook on the impact of measurement errors, this would lead to biased PMT estimates.

I provide empirical evidence on the vulnerability of PMT to non-random errors. I rely on a unique survey experiment that randomly assigned eight different designs of consumption module to more than 4,000 households in Tanzania. I compare the performances of PMT relying on gold standard consumption data with those of PMT using the more error-prone consumption data. I find that coefficients from PMT regressions are biased in the presence of non-random errors. This can be seen in the animation above, where I compare the error prone PMT distributions with the benchmark PMT distribution. Moreover, using the typical $1.25 poverty line, the incidence of targeting errors increase by a magnitude ranging from 10 to 34 per cent. More reassuringly, I find rather small and non-significant effects on targeting performances when poverty is defined in relative terms (such as with the typical 30 per cent threshold used in many development projects). This means that non-random errors in consumption have if anything, a limited impact on the ranking of households. Taken together, these results indicate that PMT performances are typically overestimated using absolute poverty lines, but remain largely unaffected using relative poverty lines.